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ABSTRACT: Al is increasingly being adopted in industry, while its use in education
has been insufficiently explored. The aim of this study was to investigate how stu-
dents utilize Al in an undergraduate course centered on solving project tasks in
UX design education. The results reveal that the majority of students employed
AT to help them complete project assignments (87%). The persona method, char-
acterized by standardized and detailed descriptions, involved the most extensive
use of AI (59.7%), followed by the customer journey map (33.9%), the value prop-
osition canvas (29%), and the user story map (22.6%). Students used Al with the
intention of completing tasks faster, but their use for creative tasks was limited,
as they did not have sufficient knowledge to use it effectively. Overall, students
supported the idea of AI use in teaching, but highlighted the need for instruc-
tional support from teachers, such as providing clear instructions and guidance
on how to utilize AI effectively to produce higher-quality results. Integrating Al
into HCI education can help bridge the gap between academic focus and industry
demands, thus better preparing students for future job demands.
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1. Introduction

Artificial intelligence (AI) is increasingly being adopted in the design industry,
particularly to support service development activities (Uusitalo et al. 2024). The
main reasons for using Al in the software engineering industry are to increase
efficiency and accelerate service development (Ozkaya 2023; Sharma et al. 2024;
Belzner et al. 2023). It can help with many software engineering tasks, such as
writing more complete specifications, improving testing through generated test
cases, and assisting with documentation and translation (Ozkaya 2023). This
growing adoption of Al in the service development industry has become a key
reason why it deserves attention. However, while industry has advanced in its
use of Al, the education of future software professionals has not changed signifi-
cantly. It is becoming evident that there is a significant gap between educational
focus and industry practice (Tsao et al. 2025). Universities and their governing
bodies must embrace and integrate AI technologies into higher education prac-
tices (Kétyi et al. 2025), particularly to ensure the development of adequate AI lit-
eracy among students. As Hartyandi (2025) highlights, industry hype has created
normative pressures on employees, resulting in disorganized AI implementa-
tion that often depends on individual characteristics. This underscores the need
to teach Al literacy in the education sector, so that everyone possesses at least a
basic level of Al literacy.

To provide a better understanding of the current gap, the aim of this study
was to investigate how to effectively integrate Al into teaching practice and what
students’ perspectives are about these technologies. This exploratory study seeks
to uncover how students actually use Al for specific user experience (UX) tasks.
This paper contributes to a broader body of knowledge on the importance of
teaching students how to use Al and its integration into human-computer inter-
action (HCI) education (Goel et al. 2023; Stige et al. 2024; Tsao et al. 2025).

This paper examines how students utilize Al in the process of designing new
IT services. As part of an Informatics Service Management course at a Croa-
tian university, students investigated IT service requirements using various UX
design methods. This research focuses on UX design methods typically used in
the research phase of IT service design to identify user needs. In this regard, the
following research questions were posed:

1. Which UX design methods did students primarily employ with the support

of AI during the research phase of their project activities?

2. Which specific elements within the selected UX design methods involved

the application of Al tools by students?

3. What are students’ perceptions and suggestions regarding the integration

of Al into teaching practice, based on their experience with these methods?
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2. Theoretical background

User experience serves as an umbrella term that encompasses how various
design and usability disciplines work together to create products, systems, and
services (Cooper et al. 2014). As part of creating meaningful UX, it is important
to follow a structured UX design process, which is often described alongside
the design thinking process (Baxter et al. 2015). This paper focuses on four key
UX methods used to define user requirements: persona, customer journey map
(CIM), value proposition canvas (VPC), and user story map. These methods are
central to the topic because they are applied at stages of user research and are
often associated with creative stages and general descriptions - areas where Al
has proven to be effective for providing inspiration and idea generation (Uusi-
talo et al. 2024). Al is often used to support demanding and time-consuming
tasks, where it can significantly reduce the required time, effort, and costs (Abed
et al. 2024; Oswal et al. 2024; Dominguez et al. 2024).

The research relies on the model of task-technology fit (TTF), which assumes
that a technology will be more frequently used when its capabilities align with
the demands of a specific task (Goodhue - Thompson 1995). Most studies in the
educational context have found that task characteristics have a significant pos-
itive effect on task-technology fit, which consequently positively influences the
intention to use Al tools (Al-Emran et al. 2025; Gokal - Baytar 2025). The cor-
respondence between task characteristics and technology features determines
the extent to which a technology can support an individual in performing tasks.
Applying this concept in a UX design course provides a theoretical framework
for explaining why students may use Al tools more frequently for certain tasks.
To understand these relationships, the characteristics of each method/task are
described to clarify their level of detail and the types of output. The limitations
of AI tools will also be discussed to clarify which tasks this technology can sup-
port more effectively.

2.1. Characteristics of selected UX methods

A ‘persona’ is one of the methods commonly used to create a fictional profile
that represents a specific customer or user group based on their shared inter-
ests (LeRouge et al. 2013). Personas are structured into a relatively standardized
format including biography, goals, needs, motivations, frustrations, and tech-
nology usage (Curedale 2016; Stickdorn et al. 2018). Key characteristics of this
method include generating a large amount of text, typically organized into sec-
tions that consist of generic descriptions. For this reason, it suits responses that
an Al tool can produce directly with a few prompts.
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To illustrate how customers or users interact with a product, service, or brand
over time, a Customer Journey Map is used (Kalbach 2020; Stickdorn et al. 2018).
A CJM consists of five main elements: time period, scenarios/activities, touch-
points, channels, and thoughts/feelings (Stickdorn et al. 2018; Kalbach, 2020).
This method requires critical thinking and a deeper understanding of the end
user’s steps to make the journey map comprehensive. It usually requires under-
standing the interconnections between user activities, channels, and emotions
at each stage, which makes full standardization difficult.

The Value Proposition Canvas illustrates how value is created for customers
by linking the functionalities of products and services with the customer profile
(Pokorna et al. 2015). The left side presents the desired products and services,
whereas the right side shows the customer profile structured into customer jobs,
pains, and gains (Clark et al. 2012). While the format is clear, connecting prod-
uct/service functionalities to the customer profile requires critical thinking.

User story maps are short, simple, and easily understood sentences in IT
service design that answer the “who,” “what,” and “why” questions related to
customer requirements (Wautelet et al. 2016). In general, they are divided into
two main parts: constructing the hierarchy and writing individual user stories
(Patton - Economy 2014). This method also requires reasoning and meaning-
fully linking user stories into a coherent whole, so it can only be partially stand-
ardized.

According to the TTF model, when tasks are better aligned with the techno-
logical capabilities provided by generative Al tools, students are more likely to
use them (Al-Emran et al. 2025). Applying this to UX methods, it can be assumed
that students find it easier to generate outputs for the persona method, which
involves more standardized, essay-type responses. In contrast, for other tasks/
methods that are less compatible with Al-generated responses, usage would
likely be lower and limited to certain parts. This study is exploratory; its contri-
bution lies in documenting how students use Al tools in relation to UX methods
rather than testing theory. Therefore, the TTF model will serve only as a theo-
retical framework on the basis of which the results will be analyzed and conclu-
sions drawn.

2.2. Limitations of Al tools

Research on the limitations of AI tools has primarily focused on their techni-
cal functioning and “black box” nature. A key criticism is the lack of transpar-
ency regarding the sources from which these tools obtain information (Uusitalo
et al. 2024). This issue is particularly significant for AI adoption in industry, as
organizational strategies for integrating Al into the workplace face many obsta-
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cles, largely because employees fear losing control over these technologies (Har-
tyandi 2025). To mitigate these concerns, generative Al (GAI) tools are often
restricted to generic tasks, such as persona generation, to avoid breaching com-
pany confidentiality when handling specific requirements (Uusitalo et al. 2024).

In terms of task suitability, AI tools perform better in divergent phases that
involve exploring a wide range of solutions (Uusitalo et al. 2024). However, they
are less effective in convergent phases that require a single, accurate solution.
Additionally, when Al is provided with a large amount of text, such as software
requirement documents, the narrowness and complexity of the content often
lead to hallucinations or inaccurate outputs (Rahman et al. 2024). Other chal-
lenges also arise, including biases, inconsistencies, and prompting difficulties
(Goel et al. 2023; Ozkaya 2023).

Research has shown that users generally prefer Al to play a supportive role
rather than allowing it to make independent decisions (Virvou 2023; Uusitalo et
al. 2024; Kim et al. 2025). For example, when AI directly converts text prompts
into images, results show that extra effort is required to achieve a satisfactory
user interface design (Liu - Huang 2024). This could suggest that students may
approach Al with caution when undertaking creative tasks and may not always
be fully satisfied with the generated outputs. As a result, students will prefer
using Al in a supportive role rather than as the sole creator.

2.3. Al and UX design methods

While education emphasizes critical thinking, originality, and individual crea-
tive work, industries have already adopted a pragmatic approach in which AI
tools are widely used primarily to increase efficiency (Tsao et al. 2025). Recent
research shows that Al is increasingly integrated into various stages of the UX
design process, from analyzing user needs to evaluating and automating devel-
opment tasks (Stige et al. 2024). In particular, Al is used to enhance the qual-
ity of UX methods (Sharma et al. 2024), reduce human error (Oswal et al. 2024;
Belzner et al. 2023; Dominguez et al. 2024), and better capture users’ actual needs
(Rahman et al. 2024). Industry professionals have even introduced tools that
generate user stories directly from requirements documents using advanced
prompts (Oswal et al. 2024; Rahman et al. 2024). Given this widespread adoption,
it is important to teach students how to use AI and expose them to these tools
early, helping them develop critical thinking that will better prepare them for
the labor market (Tsao et al. 2025).

Students’ opinions are divided on whether such technological changes will
increase or decrease inequality (K6ves et al. 2024). However, most students agree
that the use of AI in teaching should be encouraged and view its adoption as
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inevitable in the future (Ngo et al. 2024; Wang et al. 2024). Consequently, inte-
grating Al tools into education could have implications similar to the introduc-
tion of online learning during the COVID-19 pandemic, which is now considered
irreplaceable in modern education (Horvath et al. 2022).

HEIs should also incorporate education about Al literacy not only to equip
students with the necessary skills and knowledge, but also to introduce them to
the ethical framework of their profession (Kétyi et al. 2025). As Al tools are pri-
marily content-providing tools, their effective use requires specific instructions,
along with additional skills and competencies to implement them successfully
(Keétyi et al. 2025). Clear guidelines are therefore needed to clarify Al capabilities
and limitations for students, which will not only contribute to better use of these
tools but can also support their further development (Ngo et al. 2024).

3. Research methodology

The study combined mixed-methods research, including qualitative and quan-
titative data collection and analysis. A questionnaire was used to gather both
closed- and open-ended responses from students. Quantitative analysis was con-
ducted on the closed-ended responses to obtain measurable insights into fre-
quencies of AI usage across certain UX design methods, while qualitative con-
tent analysis was applied to the open-ended responses to identify underlying
categories and themes. This approach allowed for a deeper understanding of
students’ practices and experiences with AI usage in teaching.

3.1. Data collection and sample

The survey was conducted among 220 undergraduate students enrolled in an
Informatics Service Management course offered in the second year of the Infor-
mation and Business Systems undergraduate study program at a university in
Croatia. The course emphasizes project-based learning, where students work
continuously on assigned project tasks throughout the semester (15 weeks). Stu-
dents worked in teams of three and needed to collaborate to apply various UX
design methods as they completed their project assignments. They received
ongoing feedback from the teacher on the quality of their proposed solutions.
Following the approach proposed by some authors (Divjak et al. 2025), the
research combined optional and instructed Al use. In this context, students
were permitted to use Al tools to complete their tasks without specific guidance.
Only for tasks connected with wireframe development were students explicitly
instructed to use Al The research itself was carried out in May 2024 via an online
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questionnaire and addressed activities for which students had already received
credit to minimize potential response bias. Since the project tasks were team-
based, each team completed the survey collectively (one result per team). The
questionnaire was administered in Croatian and required ten minutes to com-
plete. In total, 62 of the 69 enrolled teams participated in the survey, but only 54
teams reported using Al to complete their project tasks; data from these teams
were further analyzed.

3.2. Instrument

The research instrument was a questionnaire consisting of 34 questions, divided
into three sections. The first section focused on demographic information and
a general overview of the use of Al tools. The second section explored students’
attitudes toward the usability of Al tools in teaching, based on five categories
from the BoT usability scale (Borsci et al. 2022), along with four additional cate-
gories tailored to the educational context. The third section focused on students’
perceptions of using Al tools to solve project tasks and their suggestions for
improvement. The present study specifically focused on the third section, based
on which qualitative analysis was conducted. The qualitative data are compared
with the second part of the quantitative data, which focuses on the assessed usa-
bility of AI tools. Demographic characteristics are not considered, as responses
were collected at the team level.

4. Results

For the 54 teams analyzed, Figure 1 shows the results for the optional use of Alin
UX methods. It can be observed that the highest number of teams used Al for the
persona method (59.7%), followed by the customer journey map (33.9%), while
the use of Al for the value proposition canvas (29%) and user story map (22.6%)
was less frequent.
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Figure 1. Percentage of teams that used Al in selected UX methods (N=54)

Source: authors.

4.1. Persona

As shown in Figure 2, students made considerable use of Al across all parts of
the persona method. Most often, it was used to generate biographies of fictional
characters (72.2%), with 25.9% of teams reporting that they used Al to a large
extent. Furthermore, it was also used for defining ideal experience (42.6%), tech-
nology usage (40.7%), pain points (37.0%), and goals (31.5%).

100%
80%
60%
40%
20%

0%

Biography Goals Technology  Pain points Ideal
usage experience

m1-Didnotuseatall m2 m3 m4 m5-Usedtoalargeextent

Figure 2. Percentage of teams that used Al for selected parts of the persona
method (N=54)

Source: authors.
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4.2. Customer Journey Map

As shown in Figure 3, teams used Al for particular and targeted elements of the
customer journey map. It was most frequently utilized to define scenarios/activ-
ities (27.8%), touchpoints (25.9%), and thoughts and feelings (24.1%), suggesting
that AI helped primarily with tasks requiring more detailed explanations. On
the other hand, channels (22.2%) and timescale (14.8%) were the parts least sup-
ported by Al Overall, a very small percentage (1.9% to 5.6%) of teams used Al to
a large extent (rated 5 on the scale).

100%

80%

60%

40%

20%

0%
Timescale  Scenarios/activities Touchpoints Channels Thoughts and

feelings

m1-Didnotuseatall m2 m3 m4 m5-Usedtoa large extent

Figure 3. Percentage of teams that used Al for selected parts of the Customer
Journey Map (N=54)

Source: authors.

4.3. Value Proposition Canvas

As Figure 4 illustrates, teams used AI more frequently for the Value Proposition
Canvas method. Teams used Al almost equally across its main elements: cus-
tomer jobs (38.7%), pains (41.9%), and gains (41.9%). Overall, a slightly higher
percentage of teams (3.2%-6.5%) used Al to a large extent.
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Figure 4. Percentage of teams that used Al for selected parts of the Value
Proposition Canvas (N=54)

Source: authors.

4.4. User stories

For user stories, Al was not used to a large extent overall, with only 1.9% of teams

reporting extensive use (Figure 5). However, teams employed Al more often for

user story writing (38.9%) than for map hierarchy creation (24.1%). This suggests

that AI was perceived as more useful for content creation than for structural
planning regarding this method.

100%

80%

60%

40%

20%

0%
Creating map hierarchy Writting user stories

m1-Didnotuseatall m2 m3 m4 m5-Usedtoalargeextent

Figure 5. Percentage of teams that used Al for selected parts of User Story Map
(N=54)

Source: authors.
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4.5. Qualitative content analysis

This research also included a content analysis of students’ suggestions for
improvement, based on responses from 31 teams. Qualitative content anal-
ysis combines inductive and deductive coding to identify meaning units, con-
dense them, assign codes to text segments, group similar codes into categories,
and interpret them to develop themes (Graneheim - Lundman 2004; Kuckartz
- Radiker 2023). Researchers often use this approach to complement findings
from the literature or to gain a deeper understanding of the topic (K6ves et al.
2024; Bogdanova - Parashkevova-Velikova 2025). The qualitative content analy-
sis was carried out using QDA Miner Lite software. An inductive approach was
employed to identify patterns, following the guidelines for category develop-
ment proposed by Kuckartz and Radiker (2023). Each team’s comments were
first segmented into meaning units, then converted into a text document and
imported into the QDA Miner Lite qualitative analysis tool. From these seg-
ments, condensed meaning units were extracted and assigned corresponding
codes. Each code was then grouped under a broader category based on themes.
These codes were not predefined; instead, they emerged inductively through a
close reading of the content, allowing categories to develop naturally. Figure 6
illustrates the procedure used for conducting the content analysis.

| (4. Coding Table - 4 rows - ] X
‘p—:%"' j&qf“ ﬂlflidd;b ’J\Dply X cancel
New code Text |Cod-es |

-l 4% Suggestions for improving Al us ChatGPT is great for the parts that involve descriptions,  Time-saving
@ Verifying Al-generated infor writing those would just be a complete waste of time

& Providing guidance for effec We used Al to generate meaningful text Time-saving

@ Developing a critical thinkin We used Al primarily to reduce the time it would Time-saving
otherwise take us to write certain descriptions.

| ¢ Encouraging Al usage in tea

= uments against Al usage in . LG LT R R Ry iyl LT 3T i Time-saving
& Arg . gal 9 K as short descriptions and biographies and some simpler
} @ Al is not helpful for t'.renl:l\nrt:-E essay assignments
@ Students may engage more’
@ Current limitations of AI too
=) ¢ Practical benefits of AT

| @ Fostering creativity

Figure 6. Example of qualitative content analysis in the QDA Miner Lite tool

Source: authors.
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A total of 43 condensed meaning units were identified and organized into
nine codes, which were further categorized into three border categories (Table
1). The most frequent category, “Suggestions for improving Al usage in educa-
tion” (39.5%, n = 17), included four codes related to encouraging Al use, provid-
ing guidance, evaluating Al-generated content, and fostering critical thinking.
An equally represented category, “Arguments against Al usage in education”
(39.5%, n = 17), comprised three codes reflecting concerns about AT’s limitations
for use in creative tasks, technical constraints, and its potential to hinder student
engagement. The final category, “Practical benefits of AI” (20.9%, n=9), included
two codes emphasizing AI’s role in boosting creativity and time efficiency.

Table 1. Qualitative content analysis of students’ comments

Category Code Count | Percentage of codes
Suggestions for improving Encouraging Al usage in teaching
X . . 6 14.00%
Al usage in education practices
Providing guidance for effective Al 4 9.30%
usage
Verifying Al-generated information 4 9.30%
Developing critical thinking about 3 7.00%
Al responses
Arguments against Al usage | Al is not helpful for creative tasks 8 18.60%
in education o
Current limitations of Al tools 5 11.60%
Students may engage more deeply
when not relying on Al 4 9.30%
Practical benefits of Al Fostering creativity 5 11.60%
Time-saving 4 9.30%
Total 43 100.00%

Source: authors.

The first category, “Arguments against Al usage in education” (39.5%), high-
lighted the disadvantages of Al usage in education. Students noted that Al is
not helpful for creative tasks (n=8, 18.6%). Others pointed to current techni-
cal limitations of AI (n=5, 11.6%) and believed that avoiding AI may encourage
deeper student engagement (n=4, 9.3%). The second category, “Suggestions for
improving Al usage in education” (39.5%), included student recommendations
for better Al integration into teaching. Students supported the idea of encour-
aging Al use in teaching practices (n=6, 14.0%) and emphasized the need for
instructional support from teachers, such as providing guidance on effective
AT use (n=4, 9.3%). They also highlighted the importance of verifying Al-gen-

12
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erated content (n=4, 9.3%) and developing critical thinking about AI responses
(n=3, 7.0%). The third category, “Practical benefits of AI” (20.9%), reflected stu-
dents’ recognition of AT's value in fostering creativity (n=5, 11.6%) and saving
time (n=4, 9.3%) by speeding up certain tasks.

The extent to which the technology provided appropriate responses to the
assigned tasks can be assessed through a qualitative analysis of student feedback.
The following student comments support the claim that the AI tool provided the
most effective output for mostly descriptive parts, where it could save time:

+ “ChatGPT is great for the description parts because it’s just a waste of time

[creating these manually]...”

« “We used AI primarily to reduce the time it would otherwise take to write
individual descriptions...”

« “Alisvery useful when writing some monotonous parts such as short descrip-
tions and biographies and some simpler essay assignments, while it is more
difficult to do something creative...”

Students’ suggestions for improving Al usage in education can be illustrated
through the following;:

« “We believe that Al is inevitable in the future of using software tools. There-
fore, we believe that AI should be a part of teaching...”

« “It is necessary to explain to students in more detail how to [create] quality
prompts for AL”

« “All its suggestions need to be refined to create quality information for the
project.”

« “If we use it without understanding the subject, we will not do well...”

The results of the qualitative analysis are further compared with quantita-
tive data regarding the assessed usability of Al tools (N=54). A comparison shows
that the lowest mean scores were obtained for Perceived Conversational Credi-
bility (M = 2.82, SD = 1.07) and Creativity, Innovation, and Teamwork (M = 2.96,
SD = 1.09). Additionally, the highest mean scores were observed for Usage Pat-
terns (M = 3.75, SD = 1.14) and Flexibility and Communication Effort (M = 3.46, SD
=1.12), suggesting that students often need to rephrase prompts and invest addi-
tional effort when interacting with an Al tool to obtain useful responses.

5. Discussion

As AT use in professional service delivery continues to grow, this underscores
the importance of preparing students with the knowledge and skills needed to
meet future job demands. This study builds on prior research that emphasizes

13
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the importance of higher education institutions recognizing the growing role of
Al in industry and integrating it effectively into education (Ngo et al. 2024; Kétyi
et al. 2025).

This exploratory study aimed to investigate how students use AI when apply-
ing UX design methods. The results showed that the majority of students (87%;
54 out of 62 teams) used Al to assist them in solving project tasks. Across all UX
design methods, a clear pattern emerged: use of Al increased with the amount
of text students were required to generate. Al was most frequently applied in the
persona method, which involved generating the largest amount of text and more
standardized answers. It was also used in the customer journey map to generate
a detailed scenarios of activity descriptions, and more evenly in the value prop-
osition canvas method. These findings align with the TTF model, as Al was used
more frequently for UX tasks best suited to its capabilities, such as generating
more general descriptions and essay-type responses.

Students themselves also observed that the use of Al tools depended on how
suitable they were for completing the tasks. For example, they identified that
Al tools were suitable for the more descriptive parts of UX methods (e.g., writ-
ing biographies), but they needed to invest a lot of effort to manage the creative
parts. Based on students’ comments, Al is effective for generating initial ideas
and inspiration, but it may be limited for more creative tasks, such as creating
application wireframes. Overall, when connecting with other quantitative parts
of the data, students did not feel that Al significantly enhanced their creativity,
as the lowest mean values in team responses were obtained for the items Crea-
tivity, Innovation, and Teamwork.

Instead of using Al for creative support, students primarily used it with the
intention of completing tasks more quickly. However, they needed to invest con-
siderable effort to obtain useful outputs. Overall, Al tools were not perceived
as useful for most UX tasks, primarily because students did not know how to
use them effectively in practice. A similar issue has been observed in industry,
where organizations face challenges due to the uneven adoption of Al, stem-
ming from differences in individual levels of knowledge and expertise (Har-
tyandi 2025). This research also showed that students were aware of their insuf-
ficient knowledge regarding the use of Al tools, which is why they expressed
a desire for instructors to provide guidance and recommendations on how to
use these tools effectively. To enhance its use in practice, the focus should be
on developing Al literacy across all aspects, from creating prompts to under-
standing the ethical implications of using Al tools. Previous literature shows that
industry professionals are cautious about using AI due to confidentiality con-
cerns, which suggests that students should also be taught how to use Al respon-
sibly to practice their jobs ethically (Kétyi et al. 2025; Uusitalo et al. 2024). This

14



SOCIETY AND ECONOMY IN CENTRAL AND EASTERN EUROPE

includes practical recommendations, such as avoiding the input of personal or
sensitive data into Al tools and cross-checking the information provided by AI.

Recommendations for students on using AI in UX methods should draw on
industry examples where refined approaches have been developed to maximize
the value of creative UX methods through AI tools. Such best practices should
be systematically analyzed and incorporated into education as illustrative exam-
ples of how AI can be used to enhance UX methods. For example, industry prac-
tice has shown that AI can be particularly useful for storytelling, as it can intro-
duce students to the application domain in which they will be designing, where
domain expertise is often required. As students struggle to obtain satisfactory
answers, they should be taught how to formulate high-quality prompts tai-
lored to the selected UX method. By integrating Al into HCI education, the gap
between academia and industry may shrink, preparing students to work more
efficiently in the workplace.

6. Conclusions

The emergence of Al has led to significant changes, including in education. Stu-
dents are increasingly using Al as a tool to help them complete course tasks and
obligations. However, they are not sufficiently skilled to use Al efficiently. This
study aimed to explore how students currently utilize Al in a service develop-
ment course to solve creative tasks, while also examining their suggestions for
improving the integration of Al into teaching practices.

The results show that students are using Al for educational purposes, but to
a limited extent. With creative UX tasks that require multiple prompts to gener-
ate usable responses, students tended to use Al less frequently. Most commonly,
Al was used for generating more extensive descriptions or completing tasks that
would otherwise require a significant amount of manual work. This suggests, just
as the students themselves pointed out, that more attention needs to be given to
supporting Al usage in education. These findings emphasize the teacher’s role in
developing instructional materials and guidelines that will equip future gener-
ations of students with Al skills, such as formulating quality prompts, using Al
ethically, and developing critical thinking about Al-generated responses.

However, the study has several limitations. It did not investigate precisely
how students used Al, such as the prompts they entered or the challenges they
faced while using Al tools. Additionally, the results are based on team responses,
making it difficult to compare students’ individual characteristics. Moreover,
research is limited to selected UX methods that are applied in a specific learning
context, which may limit the generalization of the findings. It primarily relies
on qualitative analysis, with quantitative data used only to support the findings
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through basic descriptive statistics. This methodological choice was intentional
and aligned with the research’s exploratory design, which aimed to understand
how students use Al to develop creative UX methods. The practical implica-
tions of this research suggest that teachers have the potential to integrate Al into
teaching practice. Since students are motivated to use Al in their learning, the
more structured use of Al could equip them with skills that will be important for
their future career development.
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